
Startup for Hyperion (Business Intelligence) 

In this Article I will share my research / search which is required to take a start with Hyperion 

Online analytical processing or OLAP  

OLAP is an approach to quickly answer multi-dimensional analytical queries. OLAP is part of the 
broader category of business intelligence, which also encompasses relational reporting and 
data mining. The typical applications of OLAP are in business reporting for sales, marketing, 
management reporting, business process management (BPM), budgeting and forecasting, 
financial reporting and similar areas. The term OLAP was created as a slight modification of the 
traditional database term OLTP (Online Transaction Processing).  
Databases configured for OLAP use a multidimensional data model, allowing for complex 
analytical and ad-hoc queries with a rapid execution time. They borrow aspects of navigational 
databases and hierarchical databases that are faster than relational databases.  
Nigel Pendse has suggested that an alternative and perhaps more descriptive term to describe 
the concept of OLAP is Fast Analysis of Shared Multidimensional Information (FASMI).  

Concept 

In the core of any OLAP system is a concept of an OLAP cube (also called a multidimensional 
cube or a hypercube (An OLAP (Online analytical processing) cube is a data structure that 
allows fast analysis of data. The arrangement of data into cubes overcomes a limitation of 
relational databases.)). It consists of numeric facts called measures which are categorized by 
dimensions. The cube metadata is typically created from a star schema or snowflake schema (A 
snowflake schema is a logical arrangement of tables in a relational database such that the 
entity relationship diagram resembles a snowflake in shape. Closely related to the star schema, 
the snowflake schema is represented by centralized fact tables which are connected to 
multiple dimensions) of tables in a relational database. Measures are derived from the records 
in the fact table and dimensions are derived from the dimension tables. 
Each measure can be thought of as having a set of labels, or meta-data associated with it. A 
dimension is what describes these labels; it provides information about the measure. 
A simple example would be a cube that contains a store's sales as a measure, and Date/Time as 
a dimension. Each Sale has a Date/Time label that describes more about that sale. 
Any number of dimensions can be added to the structure such as Store, Cashier, or Customer by 
adding a column to the fact table. This allows an analyst to view the measures along any 
combination of the dimensions. 

 

For Example: 

 Sales Fact Table   
+-----------------------+ 

| sale_amount | time_id | 

+-----------------------+            Time Dimension  
|      2008.08|     1234|---+     +----------------------------+ 

+-----------------------+   |     | time_id | timestamp        | 

                            |     +----------------------------+ 
                            +---->|   1234  | 20080902 12:35:43| 

                                  +----------------------------+ 

Type of OLAP 



 
OLAP systems have been traditionally categorized using the following taxonomy 
 
Multidimensional (MOLAP) 
MOLAP is the 'classic' form of OLAP and is sometimes referred to as just OLAP. MOLAP stores 
this data in an optimized multi-dimensional array storage, rather than in a relational database. 
Therefore it requires the pre-computation and storage of information in the cube - the 
operation known as processing. 
 
Relational (ROLAP) 
ROLAP works directly with relational databases. The base data and the dimension tables are 
stored as relational tables and new tables are created to hold the aggregated information. 
Depends on a specialized schema design. 
 
Hybrid (HOLAP) 
There is no clear agreement across the industry as to what constitutes "Hybrid OLAP", except 
that a database will divide data between relational and specialized storage. For example, for 
some vendors, a HOLAP database will use relational tables to hold the larger quantities of 
detailed data, and use specialized storage for at least some aspects of the smaller quantities of 
more-aggregate or less-detailed data. 

 

Comparison 

Each type has certain benefits, although there is disagreement about the specifics of the 
benefits between providers. 
 
    * Some MOLAP implementations are prone to database explosion. Database explosion is a 
phenomenon causing vast amounts of storage space to be used by MOLAP databases when 
certain common conditions are met: high number of dimensions, pre-calculated results and 
sparse multidimensional data. The typical mitigation technique for database explosion is not to 
materialize all the possible aggregation, but only the optimal subset of aggregations based on 
the desired performance vs. storage trade off. 
 
    * MOLAP generally delivers better performance due to specialized indexing and storage 
optimizations. MOLAP also needs less storage space compared to ROLAP because the 
specialized storage typically includes compression techniques. 
 
    * ROLAP is generally more scalable. However, large volume pre-processing is difficult to 
implement efficiently so it is frequently skipped. ROLAP query performance can therefore 
suffer tremendously 
 
    * Since ROLAP relies more on the database to perform calculations, it has more limitations in 
the specialized functions it can use. 
 
    * HOLAP encompasses a range of solutions that attempt to mix the best of ROLAP and 
MOLAP. It can generally pre-process quickly, scale well, and offer good function support. 
 
Other types 
 
The following acronyms are also sometimes used, although they are not as widespread as the 
ones above: 
 
    * WOLAP - Web-based OLAP 
    * DOLAP - Desktop OLAP 



    * RTOLAP - Real-Time OLAP 

Aggregations (a strong Feature of OLAP) 

It has been claimed that for complex queries OLAP cubes can produce an answer in around 0.1% 
of the time for the same query on OLTP relational data. The most important mechanism in 
OLAP which allows it to achieve such performance is the use of aggregations. Aggregations are 
built from the fact table by changing the granularity on specific dimensions and aggregating up 
data along these dimensions. The number of possible aggregations is determined by every 
possible combination of dimension granularities. 
The combination of all possible aggregations and the base data contains the answers to every 
query which can be answered from the data. 
Because usually there are many aggregations that can be calculated, often only a 
predetermined number are fully calculated the remainders are solved on demand. The problem 
of deciding which aggregations (views) to calculate is known as the view selection problem. 
View selection can be constrained by the total size of the selected set of aggregations, the 
time to update them from changes in the base data, or both. The objective of view selection is 
typically to minimize the average time to answer OLAP queries, although some studies also 
minimize the update time. View selection is NP-Complete. Many approaches to the problem 
have been explored, including greedy algorithms, randomized search, genetic algorithms and 
A* search algorithm. 

Budget 

Budget generally refers to a list of all planned expenses and revenues. It is a plan for saving 
and spending. A budget is an important concept in microeconomics, which uses a budget line to 
illustrate the trade-offs between two or more goods. In other terms, a budget is an 
organizational plan stated in monetary terms. 
In summary, the purpose of budgeting is to: 
   1. Provide a forecast of revenues and expenditures i.e. construct a model of how our business 
might perform financially speaking if certain strategies, events and plans are carried out. 
   2. Enable the actual financial operation of the business to be measured against the forecast. 

Forecasting 

Forecasting is the process of estimation in unknown situations. Prediction is a similar, but more 
general term. Both can refer to estimation of time series, cross-sectional or longitudinal data. 
Usage can differ between areas of application: for example in hydrology, the terms "forecast" 
and "forecasting" are sometimes reserved for estimates of values at certain specific future 
times, while the term "prediction" is used for more general estimates, such as the number of 
times floods will occur over a long period. Risk and uncertainty are central to forecasting and 
prediction. Forecasting is used in the practice of Customer Demand Planning in everyday 
business forecasting for manufacturing companies. The discipline of demand planning, also 
sometimes referred to as supply chain forecasting, embraces both statistical forecasting and a 
consensus process. 

 

Customer Answer what you Can Do with Hyperion  

 Without Hyperion With Hyperion 



1 Which customers spend the most? Which customers are most profitable? 

2 What did this customer buy? What is the customer likely to buy next? 

3 What is the Q4 revenue forecast? What if demand falls short of forecast? 

 

Source  

Wikipedia 

Oracle Website 

Discussion with Some Seniors ☺ 


